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[ Abstract]

high, posing a serious disease burden and a challenging

The prevalence of dental caries remains

situation for prevention and control. Recent advances in
artificial intelligence (AI) have significantly impacted the
medical field, particularly through the application of powerful
image recognition technology. These advancements have
provided new opportunities for developing more accurate
diagnostic and risk assessment for caries, thereby enabling
more nuanced and effective precision medicine. In this article,
the role of Al in the diagnosis and risk prediction of caries, its
research progress and prospect were discussed.
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